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Qin X, Shen X, Guo Y, et al. Combined electric and heat system testbeds for power flow analysis and economic dispatch[J]. CSEE Journal of Power and Energy Systems, 2020, 7(1): 34-44.
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Xuan A, Shen X", Guo Q, et al. A conditional value-at-risk based planning model for integrated energy system with energy storage and renewables[J]. Applied Energy, 2021, 294: 116971.
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Xuan A, Shen X", Guo Q, et al. A conditional value-at-risk based planning model for integrated energy system with energy storage and renewables[J]. Applied Energy, 2021, 294: 116971.
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Liu H, Zhang X, Shen X" and Sun H. Privacy-Preserving Power Consumption Prediction Based on Federated Learning with Cross-Entity Data[C]. 2022 CCDC, Accepted.
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Liu H, Zhang X", Shen X", Sun H and Shahidehpour M. A Hybrid Federated Learning Framework with Dynamic Task Allocation for Multi-Party Distributed Load Prediction[J]. IEEE Transactions on Smart Grid.
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Liu H, Zhang X", Shen X", Sun H and Shahidehpour M. A Hybrid Federated Learning Framework with Dynamic Task Allocation for Multi-Party Distributed Load Prediction[J]. IEEE Transactions on Smart Grid.
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Xuan A, Shen X, Guo Q, et al. Two-stage Planning for Electricity-Gas Coupled Integrated Energy System with Carbon Capture, Utilization, and Storage Considering Carbon Tax and
Price Uncertainties[J]. IEEE Trans. on Power Systems, 2022.
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Xuan A, Shen X", Guo Q, et al. Two-stage Planning for Electricity-Gas Coupled Integrated Energy System with Carbon Capture, Utilization, and Storage Considering Carbon Tax and
Price Uncertainties[J]. IEEE Trans. on Power Systems, 2022.
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Liu H, Shen X*, Guo Q, et al. A Data-driven Approach towards Fast Economic Dispatch in Electricity—Gas Coupled Systems Based on Artificial Neural Network[J]. Applied Energy,
2021, 286: 116480.
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Liu H, Yang L, Shen X", et al. A Data-Driven Warm Start Approach for Convex Relaxation in Optimal Gas Flow[J]. IEEE Trans. on Power Systems, 2021, 36(6): 5948-5951.
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Liu H, Yang L, Shen X", et al. A Data-Driven Warm Start Approach for Convex Relaxation in Optimal Gas Flow[J]. IEEE Trans. on Power Systems, 2021, 36(6): 5948-5951.
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